av s1BUIna
ysansise LITHC nsJNw

nsldimalianisinmiiasdayansmaedsnisiseusiuuligaaudmiuduun
anwazuvaasn lutunlualautae
Supervised Learning for Demospongiae Identification using Graph Mining

Technique

algeun gaav’’, 3a1Tad e mesAn’

Natsima Suradet!’, Wilawan Yathongkhum?

dngasimnsuaeNiames AnglmnTsumans uninendomalulagavasaadiuun
AsaFeuthuning Jwmindnu
Department of Computer Engineering, Faculty of Engineering, Rajamangala University of Technology Lanna,
Thailand
2Ban Mae Thoei School, Lamphun, Thailand

*Corresponding author. E-mail: natsima@hotmail.com

UNANED

I8N

o

npUszasAietdauensidmalinnisvinivilesdeyansiv medsnisiseuiuuull

o o v &

Hapu Weduunanwuziduvasesuhlutualualoudy Feloyanennnldidunewimeiaiiondeag

1 v
o

Tunvaynswanuauin wasveaanesisdou 31w 7 29 Tluanddetideyanesiiazgnitausly

U

aglusUuuurastayauuunsmneutihluyinsiesgiifieduundnuniziau NNan1TATIZINU I

'
o a

Woshludueluaveudsudaziedidnume sumziuandsfuegiadniay dsnadnumsmaity
annsauludszgndlilunisiaufuuuussuufidorrnglunsduunisdresonild e
mimaaué’uLLUUizUUQ’L%mngimai’ﬂﬂizaw%ﬂwwmﬂmmmmmhmiﬁiﬁLLuﬂ WUIIAINITATILUN
whvemonildgnies Anduranuusiuglunssuunidy 76.47 Wesieus Fauandiiuldog
it wmelansviinilesdeyansmimeisnsteuiuuuigaeuiinnuwmanzauuasaiuisainunly
Tumssuundnuaisuveslenilutunluatoudeliags

o o w o

AdAey: Msvinmilesdeyansiu WnsSeusuuuiigaen nsuunvlenhdusluaouiy

ABSTRACT
This research purposes a graph mining technique to identify the particular characteristic
of Demospongiae by supervised learning method. The sponge dataset contained 7 families

belonging to the Demospongiae class was collected from the Mediterranean and Atlantic
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oceans. The dataset of Demospongiae was performed on graph dataset and then was analyzed

to identify the particular characteristic by using eraph based supervised learning method. The

learned substructures can identify the unique of a specific feature for each family and can use

to develop the prototype of knowledge-based expert system for Demospongiae identification.

The prototype was evaluated by measuring the efficiency from the ability to classify the sponge

family. The experimental results showed the identification performance accuracy is 76.47%. This

indicated that graph mining technique by supervised learning method is valid and practicable

for Demospongiae identification.
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